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Abstract: A novel approach which works at the region level is proposed based on extracting and handling region of
interest(ROT) . It contains two key points. One is to obtain a proper label for extracting ROI by combining stationa-
ry wavelet transform(SWT) , fuzzy C-means(FCM) clustering algorithm with inter-scale fusion strategy. The oth-
er is to generate the final change detection map at the region level through the act of searching all connected regions
and then looking at each one as a unit to handle. In virtue of both points, this method has both quantitative and
qualitative performances superior over other related methods. Results tested on the real SAR datasets have also con-
firmed this.
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Fig. 4  Behaviors of quantitative analysis terms of two
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Tab.1 Quantitative results of Bern dataset obtained with

different S

Bern
MA FA OE Kappa
S=1 83 236 319 0.868 2
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Tab.4 Runtime comparisons among different methods

S
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