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Remote Sensing Image Recognition Algorithm
Based on Neural Network

LI Yan CHEN Ying DOND Xiu —lan YAN Yan
( Anhui University of Science and Technology Huainan 232001 China)

Abstract: With the development of the remote sensing technology more and more remote sensing image data which are different in the
time and space frequency will be applied to various fields of engineering. The pattern recognition of remote sensing imagery is becoming
a very important research direction in the remote sensing image processing areas. Artificial Neural Networks ( ANN) is a neural net—
work to imitate animal behavior which is the distributed parallel processing algorithms mathematical model. This network relies on the
complexity of the system by adjusting the internal connection between a large number of nodes in order to achieve the purpose of deal—-
ing with information. Remote sensing based on neural network image recognition is the focus of the remote sensing image processing re—
search in these years. First of all this thesis introduces the basic theory of artificial neural networks and the pattern recognition and u-
ses the artificial neural network toolbox in the Matlab environment for the high spatial resolution remote sensing image recognition.
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Fig.2 Sample of the trial image
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Fig.3 Result of the image identification

Frist: bl =b( imin: imax jmin: jmax) ;
bl =size( bl) ;
il =round( ( x —1) /2);
jl =round( (y —j) /2);
pl(il +1:il +i j1 +1:j1 +j) =bl;
pl = =1* pl +ones(x y);
form = 0:x-1 n=01y-1
p(m* x+L:m+1)* x 1) =pl(l:x n+1);
second: net = newff( pr 25:1
traingdx” learngdm) ;
net. trainParam. epochs =500;
net. trainParam. goal =0. 001;
net. trainParam. Ir =0. 01;
for pass =1:10
load PT p t;
p= p p p+randn(256 12) * 0.1 p + randn( 256
12) * 0.2 p +randn(256 12) * 0.3 ;
t=ttttt;
net = train( net p t) ;
third: bl =b( imin: imax jmin: jmax) ;
bl =imresize( bl x vy );
ij =size(bl);

( logsig” “purelin” ~

il =round( ( x —1) /2) ;

jl =round( (y —j) /2);

pl(il +1:il +i j1 +1:j1 +j) =bl;

pl = = 1% pl +ones( 16 16) ;

form = I:x n=1!y

P(m* x+1:(m+1)* x 1) =pl(l:ix n+1);
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