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Fig.1 Object-oriented classification technology flow chart
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Fig.2 Images of segmentation process
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Fig.3 Land use classification map of Kenli county
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Table 1 Land area statistics of Kenli county in 2007
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Table 2 Confusion matrix and accuracy assessment of

object-oriented information extraction technology
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Table 3  Final classification results of different classification

methods
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Land use classification based on RS object-oriented method in coastal
spectral confusion region

Chang Chunyan, Zhao Gengxing™, Wang Ling, Zhu Xicun, Gao Ze

(College of Resources and Environment, Shandong Agricultural University, Tai’an 271018, China)

Abstract: Land use and land cover information acquisition in coastal spectral confusion region is one of the difficulties

for remote sensing information extraction. In this paper, image segmentation and support vector machine classification

method were used in order to extract the information of land use/cover with object-oriented technology, based on TM

image of March 11, 2007 in Kenli County. The results were compared with that of traditional pixel-based classification.

Our results showed that the precision of classification reached 84.83% basing on object-oriented method, which

increased by 5.94% and 19.53% respectively in comparison with maximum likelihood method and spectral angle mapper
method. It also avoided the “salt and pepper” problem effectively. This study indicated that classification accuracy and

efficiency of remote sensing image were improved with object-oriented method, which also provided an effective

technological means for fast and accurate information extraction of Land use/cover in coastal spectral confusion region.

Key words: remote sensing, spectrum analysis, image segmentation, image fusion, support vector machine,

object-oriented



