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BUILDING EXTRACTION FROM REMOTE SENSING IMAGE USING IMPROVED
WATERSHED TRANSFORM

Ren Xiaojuan Xiao Shuangjiu Peng Xiaopeng
( School of Software  Shanghai Jiao Tong University ~ Shanghai 200240 China)

Abstract The segmentation of remote sensing image is the basis and key of information extraction and target identification. The paper uses
remote sensing image of high resolution in urban areas as the research object and does study on the segmentation of buildings in images. We
proposed a multistage watershed algorithm based on global threshold. The algorithm decreases the noise of images in the implement process of
watershed algorithm through the introduction of a differential function and overcomes the problem of over-segmentation in traditional watershed
algorithm effectively. In addition we controll the problem of under-segmentation through the global threshold. Firstly we implement pre—
segmentation by using the improved watershed algorithm; then implement the region merging and gradient computing to get the final building
extraction. It shows that the multistage watersh algorithm that we proposed can avoid the phenomenon of under-segmentation and realize the

extraction of city remote sensing image quickly and accurately.
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