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Laplacian Eigenmap for Hyperspectral Remote Sensing
Image Dimensionality Reduction

HUANG Lei
(Provincial Geomatics Center of Hubei ,Wuhan 430071)

Abstract; Feature extraction is an indispensable preprocessing step for large and high redundancy data of hyperspectral remote
sensing image. In this paper,a Laplacian Eigenmap(LLE)is introduced for dimensionality reduction. In order to overcome the shortcoming
of conventional manifold learning which could not deal with large data,a linearization procedure for LE is proposed based on multi-
ple linear regression analysis. The experiment demonstrates that the proposed dimensionality reduction method can preserve lo-
cal geometry of samples in original feature space,the low dimensionality image could achieve a better classification accuracy.
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