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Abstract Because of the bcalm nima in the objective function, the traditionalNonnegative M atri Factorizaton (NMF)

aleorithm is sensitive to the mitil value when bemng app lied to hypemspectral unm kxing In order to solve the pobkm a
nev appwach based on constraned NM F w as proposed for decom position ofm xed p xels by ntroducing constrants of abun-
dance separation and snoothness into the ob jective function of NME The algorihm can ako satisfy the abundance nonnega
tive and sum- to-one constraints which are necessary brhyperspectral unm x ng Expermental resu lis on smulated and real
hyperspeciral data dem onstrate that the proposed appmwach can overcan e the shortcom ing of localm nima and obtain better
results M earw hily the algorithm perfom swell fornosy data and can ako be used for the uim xing of hyperspectral data
inwhich pure piels donot exist
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