41 1 Vol.41, No.1
2012 2 Acta Geodaetica et Cartographica Sinica Feb.,2012

WAN Honglin, JIAO Licheng, XIN Fangfang. Interactive Segmentation Technique and Decision-level Fusion Based Change Detection for
SAR Images[J]. Acta Geodaetica et Cartographica Sinica,2012,41(1) ;74-80. ( , ,
SAR [Jl. ,2012,41(1):74-80.)

SAR

s 710071

Interactive Segmentation Technique and Decision-level Fusion Based Change

Detection for SAR Images
WAN Honglin, JIAO Licheng, XIN Fangfang
The Key Laboratory of Intelligent Perception and Image Understanding of Ministry of Education., Xidian University, Xi’ an

710071,China

Abstract: To avoid reducing the speckle noise. and meanwhile overcome the limitation of selecting the distribution
model, first, characteristics of the difference image (DI) are integrated with an interactive segmentation method
not referring to any distribution assumption, to generate change detection maps corresponding to different “seeds”,
then a voting competition strategy is used to fuse those results to give the final change detection map. During
segmenting, the feature of each pixel is set as a vector consisted of the corresponding intensities in the DI and each
scale representation of the DI given by stationary wavelet transform (SWT). This kind of features and the decision
level fusion make our proposed method robust to the speckle noise. Results on real SAR datasets obtained under the
situation that there is no despeckling preprocessing of SAR images confirm the effectiveness of our method.

Key words: interactive segmentation method; characteristics of the difference image; decision-level fusion;

stationary wavelet transform; SAR images; change detection
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