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A Region Growing Model Under the Framework of MRF for Urban Detection
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AbstractA region growing model under the framework of MRF is proposed for urban detection and the basic unit of
the model is over segmenta tion region. This model firstly obtains the initial seed points by texture analysis. Then
the over segmentation regions are got by mean shift( MS) algorithm and the regions that include seed points are set
to seed regions. At last, starting from the seed regions, the finally result of urban is detected through a growing
criterion under the framework of MRF. The experiments of QuickBird and IKONOS demonstrate that our model can
effectively detect the urban area from the remote sensing ima ges.
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Tab.1 Objective evaluation index /(%)

M ahalanobis

Kappa Kappa Kappa

QuickBird 83.05 89.99 69.95 80.07 72.00 81.72

IKONOS 86.93 96.44 65.22 86.94 65.85 87.09
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