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AbstractA new unsupervised classification algorithm for high spatial resolution remotely sensed imagery, which
combines Gabor texture feature and PLSA model ( probabilistic latent semantic analysis), is presented. Firstly,
homogeneous segments are extracted from original imagery through mean shift( MS) segmentation. Secondly,
Gabor texture features of every pixel in each region are extracted, and clustered into several visual words. Thus,
the imagery segments correspond to the documents, the visual words used to describe the segments correspond to
the words in the documents, and the categories to be discovered for each segment correspond to the topics of the
documents. Finally, PLSA model are used to analyze each segment, and achieve the ima ge classification by assig
ning the most likely category for them. The experimental results of GeoEye 1 and IKONOS ima gery have shown that
the approach can outperform the existing algorithms in terms of classification accuracy.

Key words : High resolution renotely sensed imagery classification; PLSA; Visual word; Gabor texture fea ture
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Fig. 3 Comparison of our method and other algorithms for imagery classification
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Tab.2 Accuracy statistics for classification
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Fig. 4 Comparison of our method and other algorithms for imagery classification
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