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Spatial Attraction Algorithm for Sub pixd Mapping of Multispectral Remote Sensing ImagesH AN
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AbstractA new algorithm is presented for sulr pixel mapping, the algorithm is based on the scale of sub pixels spa-
tial attraction models, which can express the spatial dependence well. The proportions of each land cover within
two adjacent mixed pixels as the sub pixel weight parameters will be inputed, which enhanced the spatial
attraction model. The distance functionis also a expression of the norr linear relationship at a distance about the
interaction among the pixels. Following aninitial random alloca tion of subr pixels, the algorithm works in a series of
iterations, each of which can optimize the attraction relationship among the sulbr pixels, by this the algorithm can
improve the spatial dependence among the pixels. This algorithm is tested on SPOT image data, four land covers
are mapped in five times the scale of spatial resolution of the original image. The result shows that, this algorithm
works rea sonably well in multiple classes mapping.

Key words : sulr pixel ma pping; spatial attraction algorithm; super resol ution mapping; mxed pixels; endmember
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